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1. Introduction  

Given the accelerated growth in both human population and food consumption, the waste 

cooking oil (WCO) disposal problem becomes a worldwide concern [1]. Indeed, biofuels made 

from renewable sources become popular alternative of energy. Depending on the types and the 

availability of biomasses, the 2sd generation of biofuels is a solution which focuses on using 

residue biomasses and wastes, including WCO [2]. Indeed, transesterification is widely used 

process for converting oils to biofuels, it is influenced by various factors that affect the yield 

[3]. However, many useful statistical methods have been used to optimize the biodiesel yield 

such as response surface methodology (RSM)  [4].  

2. Tunisian case study  

The yearly consumption of vegetable oils in Tunisia, a North African country, was about 

170,000 tons (≈17 kg/person /year). Soybean oil (56%), palm oil (18%), and sunflower oil 

(10%) make for the majority of this consumption; however, the olive oil, a traditional 

commodity, accounts only 8%. Indeed, eateries, hotels, university restaurants, hospitals, and 

refectories are the most common sources of oil waste. The majority is disposed of in landfills 

(26,700 tons /year), while the remainder is pumped into sewers (35,800 tons / year) [5].  As a 

result, the current study's general objective was to generate fatty acid methyl esters (FAME) 

from WCO using potassium hydroxide (KOH). However, the primary goal of the present work 

was to give a thorough, in-depth analysis of how the new interactions between various factors 

would affect the production of FAME once the temperature, which has a 47% impact on yield  

[6], has been fixed.  Indeed, it is essential to look at the change in FAME production while 

keeping the temperature constant in order to understand how the other variables correlate and 

impact both statistical and modelling research. In this case, a new parameter value range for the 

first time will be examined for the innovative optimization. Accordingly, the process has been 

developed and enhanced by using RSM. As a consequence, innovative statistical, graphical, 

and modelling findings will be presented in this context to enrich the study of WCO biodiesel 

production. 

3. Materials and methods 

3.1. Materials   

WCO was collected from household wastes. Then, it has been decanted and filtered. Before the 

experiments, WCO has been heated to the appropriate temperature to eliminate the humidity. 

Besides, different chemical reagents have been used to carry out these experiments such as 
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methanol, ethanol (99.97%), hydrochloric acid HCl (37-38%), extra pure KOH, and  

phenolphthalein indicator (acid/ alkaline).   

3.2. Experimental procedure  

The experimental setup is shown in Fig.1. After filling the two-neck flask with the necessary 

amount of WCO, it is placed in the constant temperature bath with all of its supporting 

equipment and heated to a specified temperature (60°C). The KOH was dissolved in methanol 

and then heated to (60°C) before being added to the reactor. The reaction started as soon as the 

KOH-methanol solution was poured and continued until the reaction was completed according 

to the proper reaction time. 

 

Fig. 1 Experimental equipments (1) agitator- (2) thermal bath-(3) bio-reactor- 

(4) water inlet- (5) condenser- (6) water outlet 

3.3 Separation and purification 

After the end of the transesterification reaction, the mixture has been transferred to a separator 

funnel, where glycerol layer has been separated by gravity overnight. After this layer has been 

removed, the excess of methanol, KOH, remaining glycerol, and the parasitic by-products like 

soap have been removed from the methyl ester (biodiesel) layer. In this instance, hot distilled 

salt water was used to purify the final biodiesel. To prevent hydrolysis reaction, the water 

volume was halved compared to the obtained biodiesel volume. During the purification process, 

mixing was avoided to inhibit the hydrolysis reaction which causes biodiesel degradation.  

3.4. Calculated Parameters 

WCO physic-chemical properties have been analyzed before the experiments. The following 

have been determined: humidity, H (%), acid value, Ia (mg KOH/1g oil) [7], free fatty acids 

percentage, FFAs (%) [8], saponification value, Is (mg KOH/g oil) [9], and average molecular 

weight, AMW (g/mol) [10]: 
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m0, m1, and m2 are masses (g) respectively of the empty crucible after heating in the oven, the 

crucible with the test portion before heating in the oven, and the crucible with the test portion 

after heating in the oven. N1: is the KOH solution normality (0.1 mol / l), V:  is the volume of 

the poured solution (ml), P: is the mass (g) of the tested sample of oil, N2: is the HCl normality, 

V ': is the volume of the poured HCl solution (ml) for the blank test, and 56.1 is the molar mass 

of KOH (g / mol). 

3.5. Statistical analysis  

The biodiesel yield after the purification steps has been given by:  

   
WCO

FAME
exp

V

V
y         (6) 

VFAME is the volume of the pure transesterified oil (in ml), and VWCO is the initial volume of the 

WCO (i.e. 100 mL).  

Indeed, in most RSM cases, the first step is to find a suitable relationship between the variables 

[11]. If there is a curvature in the system, a second-order equation is commonly used for 

modelling [12]. This equation is given by [13]: 

εXβXXβXββy
k

i ji

k

i
th    

  1 1

2
iiijiijii0     (7) 

yth is the predicted response, βo, βi, βij and βii are constant coefficients, Xi and Xj are the used 

factors, and ε is a random error.  

The central composite design (CCD) is the most popular second-order designs [14]. It consists 

of the following points [15]:   

• 2k factorial design whose factors’ levels are coded as (-1) and (+1).  

• An axial portion consisting of 2k points arranged so that two points are chosen on the 

axis of each control variable at a distance of ±α from the design center. We refer to α as 

the axial parameter. These points are the star points.   
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• A number, n0, of replications at the center (n0 ≥ 1). This is called the center point portion, 

which is required for the random error estimations.  

• The total number of the design points in a CCD is: Nt = 2k +2k + n0.  

• The value of α is determined according to the number of factors k: α = 2(k/ 4) 

 

3.6. Studied case  

 Since the production of biodiesel is affected by many factors, this section presents the range of 

these factors according to the previous works as described in the following Table 1.  

Table 1. Different transesterification conditions 

Factor   Conditions  works 

Catalyst  NaOH and  KOH  are the most used between 0.4 and 2% 

(wt/wt) 

[16] 

Alcohol   Methanol and  ethanol are the most recommended   

Minimal molar ratio is 3:1 [17] 

Recommended molar ratio is 6:1  [7] 

Temperature  Optimal temperature reaction is between 50°C and 60°C [18] 

Mixing Optimal mixing is 400 rpm [19] and  [20] 

Reaction time  Biodiesel reaches its maximum level at a reaction time  

less than 90 min 

[21] 

60 min is more recommended [22] 

The Design Expert.7.0 software was used to evaluate the statistical analysis. The factor number 

k was equal to 3, α was equal to 1.68, and n0= 6. Thus, the total number of trials Nt= 20. The 

coded values of the independent factors are given in Table 2.  

Table 2. Experimental ranges and levels of the independent variables  

Factors  Range and level 
 

Low axial Low factorial Center High factorial High axial 
  

-α = -1.68 -1 0 +1 +α = 1.68 
 

X1 0.96 :1 3 :1 6 :1 9 :1 11.04 :1 
 

X 2 26.4 40 60 80 93.6 
 

X 3 -1.44 0.4 1.2 2 2.54 

 X1: molar ratio, X2: reaction time, X3 catalyst mass weight.  
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4. Results and discussions 

4.1. WCO physico-chemical characteristics  

The physical and chemical characterizations of WCO are reported in Table 3. As it can be seen 

from this table, the used waste has an acid value equal to 1.122 mg KOH/ g of oil, which is 

equivalent to 0.561% of FFAs. This percentage is smaller to the obtained value by Hsiao et al. 

[23], which was equal to 0.74%. The FFAs percentage in palm oil can exceed 23% [19]. This 

value complies with the requirements for applying base-catalyzed transesterification (FFA < 1 

mg of KOH/ g of sample) [24]. Moreover, the humidity level was also assessed. It is equal to 

0.19%. According to the study of Atadashi et al. [25], the presence of water has a greater 

negative impact on catalyzed transesterification than the presence of FFAs. Besides, the 

saponification value is equal to 192.5 mg KOH /g of oil. The obtained value is higher than the 

refined oil (190.74 mg KOH /g of oil) [26]. Moreover, it is feasible to calculate the WCO 

average molecular weight by using Equation (5). After the transesterification reaction, the 

FAME has followed different phases (see Fig.2) to obtain the final product.    

Table 3. Waste cooking oil characterizations 

Parameter  Value Unit 

Acid value 1.122 (mg KOH /g oil) 

Free fatty acids 0.561 (%) 

Humidity (%) 0.19 (%) 

Saponification value 192.5 (mg KOH /g oil) 

Average molecular weight 874 (g /mol) 

 

Fig 2. Biodiesel purification phases  

4.2. Regression models and statistical analysis   

The regression model typically gives the correlation between the dependent and the independent 

Final product

Purification phase Separation phase 

Decantation phase 
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variables. Series of models have been evaluated as illustrated in Table 4. The linear and the 2FI 

models exhibit the lowest R2, adjusted R2, and predicted R2 values. Nerveless, the cubic model 

has the highest R2 and adjusted R2 values. Further, this model has the lowest predicted R2 value 

(–3.49). However, this model has the ability of creating random equations based on the various 

inputs. Thus, its equation can’t be taken in consideration. The quadratic model, on the other 

hand, was found suitable, and the obtained regression model created from the experimental data 

is provided by Equation (10). This model can feet 88% of the experimental values. In fact, 

Mohammed et al. [27] have found that the R2 value was equal to 0.80, and they have considered 

it as acceptable value. Fig. 3 illustrates the predicted yield obtained by Equation (10) versus the 

experimental yield values. Meanwhile, the relative error between them has been calculated by 

using Equation (11). The higher relative error has been found when the levels of the factors 

correspond to: (0, 0, -α) and (-α, 0, 0), for (X1, X2, X3). As a result, relatively low molar ratio, 

or catalyst mass can induce a reduction in the biodiesel yield. However, the relative error tends 

towards very low values (i.e. 1.33%), when the factors are adjusted in the central levels (0, 0, 

0). To correlate the predicted and the experimental biodiesel yields a correlation between the 

predicted and the experimental biodiesel yields are obtained. It is given by Equation (12).   

321 094.00003.0084.0074.0 XXXy linearth      (8) 

3231

213212FI

0009.00218.0                                 

0005.0281.00004.0145.036.0

XXXX

XXXXXyth



   (9) 

2
3

2
2

62
13231

21321q

29.010x5.2017.00009.00219.0         

0005.097.0005.035.0166.1

XXXXXXX

XXXXXy uadraticth








 (10) 

100x(%)
exp

th

th

y

yy
Error


       (11) 

(%) 0.88 (%) 7.87expq
y y
th uadratic

 


     (12) 

Table 4. Different tested models 

Models R2 Adjusted  R2 Predicted  R2 

Linear 0.48 0.38 0.167 

2FI 0.49 0.26 -0.14 

Quadratic 0.88 0.77 0.1 

Cubic 0.98 0.93 -3.49 



                                  Journal of Renewable Energies 25 (2022) 55 – 70 

62 

 
Fig. 3 Theoretical vs. experimental yields 

The quadratic model adequacy was tested using the analysis of variance (ANOVA), as shown 

in Table 5. As it can be seen, the p-value is found to be equal to 0.0014 (p << 0.05). This 

indicates that the interactions between the variables are significant. Consequently, the proposed 

model is correct, and it can be used as a regression tool in this study. The significance of the 

model indicates that at least one of the independent variables makes a meaningful contribution 

to the model, as shown in [28]. Besides, the higher model f-value is found equal to 8.32, which 

implies that the model is significant. The interactions X1
2 and X3 

2 are the most important. The 

individual factor X1, on the other hand, has the lowest p-value (0.0001), and the highest f-value 

(37.27). As a concluding result, X1, X3 
2, and X1

2 are the most significant factors of the model. 

Many researchers have demonstrated a mixture of significant and insignificant factors, or an 

interaction between the factors (see for instance: [29]).  

Table 5. Analysis of variance (ANOVA) for the response surface quadratic model 

Source Sum of squares df Mean square f-value p-value prob > F Note 

Model 1.75 9 0.19 8.32 0.0014 +* 

X1 0.87 1 0.87 37.27 0.0001 + 

X2  0.0007 1 0.0007 0.03 0.86 -** 

X 3  0.07 1 0.077 3.32 0.098 - 

X1 X2 0.0098 1 0.0098 0.41 0.53 - 

X1 X3 0.02 1 0.02 0.94 0.35 - 

X2 X3 0.0018 1 0.0018 0.07 0.78 - 

X1
2 0.33 1 0.33 14.4 0.0035 + 

X2
2 0.00001 1 0.00001 0.0006 0.98 - 

X3 
2 0.5 1 0.5 21.01 0.001 + 

*(+): significant, ** (-): not significant.  
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4.3. Interaction between the factors 

4.3.1. Interaction between X1 and X2  

The response surface shown in Fig. 4 represents the interaction effects between X1 and X2 by 

keeping the other variables at their central level. According to this study, the highest biodiesel 

yield has been simultaneously obtained when X1 was between 7.5:1 and 9:1, and X2 was between 

40 and 50 min. Thus, increasing X1 has a positive effect on biodiesel production when X2 tends 

towards lower values (i.e. 40 min). This response surface  shows  that  the  advantage  of  using  

higher X1,  significantly  induces X2 reduction.  Similar results have been obtained by Winoto 

et al. [30]. This is due to the stoichiometry of the transesterification, which includes the 

conversion of one ester and alcohol into another ester and another alcohol, with an excess of 

alcohol being utilized to speed up the process. As a result of the higher alcohol content, more 

biodiesel is converted in less time [31].  

 

 

Fig.  4 Interaction between molar ratio and reaction time 

4.3.2. Interaction between X1 and X3  

Fig. 5 shows the FAME yield as a function of X1 and X3. Higher yields can be observed when 

X1 becomes greater than 6:1, and the X3 is more than 0.8% (wt/wt).  For lower X1 values (<6:1), 

the yield is improved when X3 increases. However, a greater yield was consistently obtained 

when X1 was adjusted at a higher level. In this case X1 was between 7.5:1 and 9:1. On the other 

hand, the simultaneous decrease of both X1 and X3 induces lower FAME yields, and in the 

contacted surfaces between oil and alcohol [32]. In fact, due to the mass transfer resistance, a 

high catalyst concentration leads the reactant mixture to become more viscous, resulting in a 

drop in the reaction rate [33] and soap production [34]. 
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Fig. 5 Interaction between molar ratio and catalyst mass 

4.3.3. Interaction between X2 and X3 

Interaction between X2 and X3 on the yield was evaluated. It is found that there is no significant 

interaction between them (i.e. p-value = 0.7873). As illustrated by the 2D plot of Fig.6, for a 

fixed X3, variation of X2 has no significant effects on the yields.  This negligible effect can be 

observed when X2 is ranging between 60 and 80 min. The variation of the KOH mass has an 

impact. In this case, fixing X2 and increasing KOH mass at a certain limited value has a positive 

effect on the response. In fact, for KOH mass between 0.4 and 1 wt %, the yield will increase 

from 71% to 90%. Indeed, transesterification cannot occur without the presence of an adjusted 

catalyst mass [35]. Besides, for X3 ranging between 1 and 1.8 (wt %), the yield shows practically 

a constant value at X2 value. This range can be considered as an optimal X3 mass catalyst to 

produce FAME. Accordingly, producing higher biodiesel can be achieved at shorter reaction 

times. According to the 2D plot in Fig. 6, it is clear that after this catalyst amount, the biodiesel 

yield decreases to less than 85%. Indeed, a larger X3 promotes soap production  and higher 

viscosity in reaction mixture, causing a reduction in FAME yield [36]. In fact, the inclusion of 

catalyst can impact the reaction medium even by adjusting the temperature and mixing speed. 

In reality, vaporization of the used alcohol is caused by the temperature. As a result, introducing 

catalyst increases the viscosity of the mixture, lowering the velocity, and amount of reactants 

in the reaction. 
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Fig. 6 Interaction between reaction time and catalyst mass 

5. Optimization of the operating factors   

The optimal yield may vary depending on the factors ranges. Accordingly, the selection of the 

factor’s intervals is crucial for constructing the best yield production. These factors have been 

chosen according to their important effects on biodiesel production. However, reaction 

temperature and agitation speed have been fixed. According to the experimental conditions, the 

intervals of the studied three factors were as follows: X1  [3:1, 9:1], X2  [40 min, 80min] and 

X3  [0.4 wt%, 2 wt %]. After running the software, various options to produce nearly 100 % 

of the biodiesel were obtained. Fig. 7 depicts one of the previously described solutions. 

According to this predicted yield, the experimental yield can be determined using Equation 

(12). Indeed, the obtained optimal ranges of the factors are as follows: [6.66:1, 8.72:1], [41.62 

min, 78.90 min] and [0.91 wt %, 1.79 wt %] for X1, X2, and X3, respectively.  

 

Fig. 7 Optimized factors for higher biodiesel yields 
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6. Conclusion  

Optimizing the operating factors and investigating the kinetics of the transesterification reaction 

for the generation of biodiesel by using WCO were the main aims of the present study. The 

followings are some points that may conclude this research:  

− The synthesis of FAME from WCO using KOH showed an improvement by using CCD.  

− A quadratic equation (R2=0.88) was developed for biodiesel prediction yield.  

− According to this study, fixing temperature has no negative impact on the effectiveness 

to have good mathematical simulation outcomes. 

− The molar ratio has the most significant influence on biodiesel output.  

− Different optimal ranges have been obtained by the optimization.  

− This research has demonstrated that some research-based optimum values are well 

validated by this CCD for production, optimization, and simulation. 

− As limitation of this work, it is recommended to valid experimentally the theoretical 

optimized yields.  

Declarations  

Authors’ contributions: The authors have contributed equally to this work. 

Funding: The authors declare that no funds, grants, or other support were received during the 

preparation of this manuscript.  

Availability of data and materials: The datasets generated during and/or analyzed during the 

current study are available from the corresponding author on reasonable request. 

Conflict of Interest: The authors declare no conflict of interest. 

Competing Interests: The authors declare no competing interests. 

7. References 

[1] Cao G, Ruan D, Chen Z, Hong Y, and Cai Z, ‘Recent developments and applications of mass 

spectrometry for the quality and safety assessment of cooking oil’, TrAC Trends in Analytical 

Chemistry, vol. 96, pp. 201–211, Nov. 2017, doi: 10.1016/j.trac.2017.07.015. 

[2] Chen H G and Zhang Y H P, ‘New biorefineries and sustainable agriculture: Increased food, 

biofuels, and ecosystem security’, Renewable and Sustainable Energy Reviews, vol. 47, pp. 

117–132, Jul. 2015, doi: 10.1016/j.rser.2015.02.048. 

[3] Chozhavendhan S, Vijay Pradhap Singh M, Fransila B, Praveen Kumar R, and Karthiga 

Devi G, ‘A review on influencing parameters of biodiesel production and purification 

processes’, Current Research in Green and Sustainable Chemistry, vol. 1–2, pp. 1–6, Feb. 2020, 



                                  Journal of Renewable Energies 25 (2022) 55 – 70 

67 

doi: 10.1016/j.crgsc.2020.04.002. 

[4] Banković-Ilić I B, Stojković I J, Stamenković O S, Veljkovic V B, and Hung Y T, ‘Waste 

animal fats as feedstocks for biodiesel production’, Renewable and Sustainable Energy 

Reviews, vol. 32, pp. 238–254, Apr. 2014, doi: 10.1016/j.rser.2014.01.038. 

[5] Ben Hassen Trabelsi A, Zaafouri K, Baghdadi W, Naoui S, and Ouerghi A, ‘Second 

generation biofuels production from waste cooking oil via pyrolysis process’, Renewable 

Energy, vol. 126, pp. 888–896, Oct. 2018, doi: 10.1016/j.renene.2018.04.002. 

[6] Dianursanti, Delaamira M, Bismo S, and Muharam Y, ‘Effect of Reaction Temperature on 

Biodiesel Production from Chlorella vulgaris using CuO/Zeolite as Heterogeneous Catalyst’, 

IOP Conf. Ser.: Earth Environ. Sci., vol. 55, p. 012033, Feb. 2017, doi: 10.1088/1755-

1315/55/1/012033. 

[7] Fattah R A, Mostafa N A, Mahmoud M S, and Abdelmoez W, ‘Recovery of oil and free fatty 

acids from spent bleaching earth using sub-critical water technology supported with kinetic and 

thermodynamic study’, Advances in Bioscience and Biotechnology, vol. 2014, Jan. 2014, doi: 

10.4236/abb.2014.53033. 

[8] Patterson H B W, ‘Chapter 12 - Quality and Control’, in Hydrogenation of Fats and Oils 

(Second Edition), G. R. List and J. W. King, Eds. AOCS Press, 2011, pp. 329–350. doi: 

10.1016/B978-1-893997-93-6.50018-X. 

[9] Thangarasu V  and Anand R, ‘11 - Physicochemical fuel properties and tribological behavior 

of aegle marmelos correa biodiesel’, in Advances in Eco-Fuels for a Sustainable Environment, 

K. Azad, Ed. Woodhead Publishing, 2019, pp. 309–336. doi: 10.1016/B978-0-08-102728-

8.00011-5. 

[10] Barret R, ‘3 - Importance and Evaluation of Lipophilicity’, in Therapeutical Chemistry, 

R. Barret, Ed. Elsevier, 2018, pp. 53–78. doi: 10.1016/B978-1-78548-288-5.50003-2. 

[11] Salehi M B, Sefti M V, Moghadam A M, and Koohi A D, ‘Study of Salinity and pH 

Effects on Gelation Time of a Polymer Gel Using Central Composite Design Method’, Journal 

of Macromolecular Science, Part B, vol. 51, no. 3, pp. 438–451, Mar. 2012, doi: 

10.1080/00222348.2011.597331. 

[12] Latchubugata C S, Kondapaneni R V, Patluri K K, Virendra U, and Vedantam S, 

‘Kinetics and optimization studies using Response Surface Methodology in biodiesel 

production using heterogeneous catalyst’, Chemical Engineering Research and Design, vol. 

135, pp. 129–139, Jul. 2018, doi: 10.1016/j.cherd.2018.05.022. 

[13] Khuri A I and Mukhopadhyay S, ‘Response surface methodology’, WIREs 

Computational Statistics, vol. 2, no. 2, pp. 128–149, 2010, doi: 10.1002/wics.73. 



                                  Journal of Renewable Energies 25 (2022) 55 – 70 

68 

[14] Bezerra M A, Santelli R E, Oliveira E P, Villar L S, and Escaleira L A, ‘Response 

surface methodology (RSM) as a tool for optimization in analytical chemistry’, Talanta, vol. 

76, no. 5, pp. 965–977, Sep. 2008, doi: 10.1016/j.talanta.2008.05.019. 

[15] Andre I K, ‘Response surface methodology and its applications in agricultural and food 

sciences’, The purpose of this article is to provide an overview of response surface methodology 

(RSM) which includes the modeling of a response function, the corresponding choice of design, 

and the determination of optimum conditions. In addition, the use of RSM in agricultural and 

food sciences is highlighted by citing several examples taken from a variety of applied journals., 

vol. Volume 5, no. Issue 5, Apr. 2017, doi: 10.15406/bbij.2017.05.00141. 

[16] Meher L C, Vidya Sagar D, and Naik S N, ‘Technical aspects of biodiesel production 

by transesterification—a review’, Renewable and Sustainable Energy Reviews, vol. 10, no. 3, 

pp. 248–268, Jun. 2006, doi: 10.1016/j.rser.2004.09.002. 

[17] Gnanaprakasam A, Sivakumar V M, Surendhar A, Thirumarimurugan M, and 

Kannadasan T, ‘Recent Strategy of Biodiesel Production from Waste Cooking Oil and Process 

Influencing Parameters: A Review’, Journal of Energy, vol. 2013, p. e926392, May 2013, doi: 

10.1155/2013/926392. 

[18] Islam A  and Taufiq-Yap Y H, Advanced Technologies in Biodiesel New Advances in 

Designed and Optimized Catalysts, THERMAL SCIENCE AND ENERGY ENGINEERING 

COLLECTION. 2015. 

[19] Hayyan A et al., ‘Reduction of high content of free fatty acid in sludge palm oil via acid 

catalyst for biodiesel production’, Fuel Processing Technology, vol. 92, no. 5, pp. 920–924, 

May 2011, doi: 10.1016/j.fuproc.2010.12.011. 

[20] Veljkovic V, Lakicevic S, Stamenkovic O, Todorovic Z, and Lazic M, ‘Biodiesel 

production from tobacco (Nicotiana tabacum L.) seed oil with a high content of free fatty acids’, 

Fuel, vol. 85, no. 17–18, pp. 2671–2675, Dec. 2006, doi: 10.1016/j.fuel.2006.04.015. 

[21] Leung D Y C, Wu X, and Leung M K H, ‘A review on biodiesel production using 

catalyzed transesterification’, Applied Energy, vol. 87, no. 4, pp. 1083–1095, Apr. 2010, doi: 

10.1016/j.apenergy.2009.10.006. 

[22] Changmai B, Vanlalveni C, Ingle A P, Bhagat R, and Rokhum S L, ‘Widely used 

catalysts in biodiesel production: a review’, RSC Adv., vol. 10, no. 68, pp. 41625–41679, 2020, 

doi: 10.1039/D0RA07931F. 

[23] Hsiao M C, Kuo J Y, Hsieh S A, Hsieh P H, and Hou S S, ‘Optimized conversion of 

waste cooking oil to biodiesel using modified calcium oxide as catalyst via a microwave heating 

system’, Fuel, vol. 266, p. 117114, Apr. 2020, doi: 10.1016/j.fuel.2020.117114. 



                                  Journal of Renewable Energies 25 (2022) 55 – 70 

69 

[24] Al-Hamamre Z and Yamin J, ‘Parametric study of the alkali catalyzed transesterification 

of waste frying oil for Biodiesel production’, Energy Conversion and Management, pp. 246–

254, 2014. 

[25] Atadashi I M, Aroua M K, Abdul Aziz A R, and Sulaiman N M N, ‘The effects of water 

on biodiesel production and refining technologies: A review’, Renewable and Sustainable 

Energy Reviews, vol. 16, no. 5, pp. 3456–3470, Jun. 2012, doi: 10.1016/j.rser.2012.03.004. 

[26] Chuah L F, Klemeš J J, Yusup S, Bokhari A, and Akbar M M, ‘Influence of fatty acids 

in waste cooking oil for cleaner biodiesel’, Clean Techn Environ Policy, vol. 19, no. 3, pp. 859–

868, Apr. 2017, doi: 10.1007/s10098-016-1274-0. 

[27] Mohammed N I, Kabbashi N A, Alam M Z, and Mirghani M E S, ‘Optimization of 

&lt;i&gt;Jatropha&lt;/i&gt; Biodiesel Production by Response Surface Methodology’, GSC, 

vol. 11, no. 01, pp. 23–37, 2021, doi: 10.4236/gsc.2021.111003. 

[28] Montgomery D C, Design and analysis of experiments, Eighth edition. Hoboken, NJ: 

John Wiley & Sons, Inc, 2013. 

[29] Chumuang N and Punsuvon V, ‘Response Surface Methodology for Biodiesel 

Production Using Calcium Methoxide Catalyst Assisted with Tetrahydrofuran as Cosolvent’, 

Journal of Chemistry, vol. 2017, pp. 1–9, 2017, doi: 10.1155/2017/4190818. 

[30] Winoto V and Yoswathana N, ‘Optimization of Biodiesel Production Using 

Nanomagnetic CaO-Based Catalysts with Subcritical Methanol Transesterification of Rubber 

Seed Oil’, Energies, vol. 12, no. 2, p. 230, Jan. 2019, doi: 10.3390/en12020230. 

[31] Musa I A, ‘The effects of alcohol to oil molar ratios and the type of alcohol on biodiesel 

production using transesterification process’, Egyptian Journal of Petroleum, vol. 25, no. 1, pp. 

21–31, Mar. 2016, doi: 10.1016/j.ejpe.2015.06.007. 

[32] Sarve A, Varma M N, and Sonawane S S, ‘Optimization and Kinetic Studies on 

Biodiesel Production from Kusum (Schleichera triguga) Oil Using Response Surface 

Methodology’, J. Oleo Sci., vol. 64, no. 9, pp. 987–997, 2015, doi: 10.5650/jos.ess15069. 

[33] Kouzu M, Kasuno T, Tajika M, Sugimoto Y, Yamanaka S, and Hidaka J, ‘Calcium 

oxide as a solid base catalyst for transesterification of soybean oil and its application to 

biodiesel production’, Fuel, vol. 87, no. 12, pp. 2798–2806, Sep. 2008, doi: 

10.1016/j.fuel.2007.10.019. 

[34] Zamberi M M, Ani F N, and Hassan S N H, ‘Optimization of Biodiesel Production from 

Transesterification of Waste Cooking Oils Using Alkaline Catalysts’, AMM, vol. 695, pp. 289–

292, Nov. 2014, doi: 10.4028/www.scientific.net/AMM.695.289. 

[35] Vyas A P, Verma J L, and Subrahmanyam N, ‘A review on FAME production 



                                  Journal of Renewable Energies 25 (2022) 55 – 70 

70 

processes’, Fuel, vol. 89, no. 1, pp. 1–9, Jan. 2010, doi: 10.1016/j.fuel.2009.08.014. 

[36] Sahar et al., ‘Biodiesel production from waste cooking oil: An efficient technique to 

convert waste into biodiesel’, Sustainable Cities and Society, vol. 41, pp. 220–226, Aug. 2018, 

doi: 10.1016/j.scs.2018.05.037. 


